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PV systems, along with satellite GHI and DNI AL S
measurements, to build quantile regression models that

predict annualized weather-adjusted performance ratios.
Thus we quantify performance ratio probability density
functions directly, which are a function of soiling, shading,
snow, wiring losses, light-induced degradation, depending
upon region, equipment selection, and system age. We will
observe how these systematic differences correlate with
PV system parameters, to identify clearly the largest
sources of difference. These models can also be used as an
independent way to predict energy production for any
given PV system given accurate system metadata.
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- Better debt terms - Credit enhancement backed by insurer
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- Less equity needed - Competes better against other banks
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previously built similar PV sites. ratios at the quantile t. performance ratio probability density function for any given site.
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