Hourly Modeling Corrections for PV Energy Assessments

DNV

Introduction

DNV’s machine learning model compensates for errors introduced
by hourly PV modeling.

Most bankable PV models use hourly irradiance data. In areas
that experience intra-hour irradiance variability, the use of
this hourly data can over-predict energy yield predominantly
due to subhourly DC power above or below inverter rated
power, underpredicting inverter clipping losses. DNV
implemented a machine learning model to correct for these
underpredictions. The hourly modeling correction seen in the
US for utility-scale plants is typically around 1.0% and
increases with DC:AC ratios above 1.0.
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